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How do we integrate cognitive and clinical psychology

into network analysis for psychopathology?
A response to Kashihara (2019)

Noboru MATSUMOTO
Shinshu University

Network analysis for psychopathology, introduced by Kashihara (2019), has the potential to greatly
transform the research and treatment of psychiatric disorders. This paper discusses how we integrate the
literature on cognitive and clinical psychology into the network analysis. Most network analysis in psychi-
atric disorders has used the data obtained from questionnaires, although incorporating the experimental
tasks used in cognitive and clinical psychology into the assessment is worthy for clarifying the mechanisms
that underlie psychiatric disorders. However, some issues arise when the data obtained from the experi-

mental tasks are used in network analysis. These barriers indicate new issues that cognitive and clinical

psychologists need to solve in the future.

Key words: Network analysis, Psychopathology, Cognitive and clinical psychology, Process-based therapy,

Assessment

F—T—F Ry MU=, ERORE, AR GBS, 0 22D BRI,

TREARXY b

LI

SRR SR HIREL A 71 = X L 2D W T DR
PR THEAETAT L TV B8 A Y P T — 7 ZHw
TARAT (DUF, Ay N7 — 7 BHT) % ARFEA~EA T
L50THY, ZOFEMLEHHALH- T, FEFIC
HEFRTH D, EBEIZ, v b7 — 7 B
FEEOWIE B L R 2 K& (AR S 2Rk
e, ENTIIE-BOWEEAL &1 IEH)
#1T> T\ % (Hofmann, Curtiss, & McNally, 2016 ;
McNally, 2016) o fEROLELEERTGE S X OSRRIR O
PRI ZE B 0 R BAFRICTEIBA L C & 720 72
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TIBICKREZMEE 7255 BE (2019) 28
&34 L9012, RIEMED & v 7 — 7 ik
HIEREICEIITH 5720, ERGREOEHEED
BSEETNVOHEREDRTIZO% VS, 2O
M Ay M7 — ZNTICIAE 5 725 CTld % <
H O 2 & SR 7 — 7 ITic BT LI L
IXRE & 72 - T & 72 (Hamaker, Kuiper, & Grasman,
2015) 6

FNTH B, EBRHEO SAEME SRR
OHIREZ RO DL FEEND Lo 728 21, WEE
L2 BRI % %€ 3 % Go/No-Go 7 o AR il
ExRIT-o 723818, FOHANEHDPEEZEDO ZF >
7 OENETFHNT L2 EE2RLTED (Powell,
McMinn, & Allan, 2017), EEFEEOHRE - jHiE
OHFIZEN D 7= BIREEL T D, FERLC,
—HF R IREEIZ & o TEAL L 9 BF8HNA T A %
HEBRRGICIR R B 2 &1, — 2R OEBRTIZR A
ENBWERELZHL) b

SEOBAERROEFMENDIRE

TIE, RRHERR OCE 5B TV b 1 5 FEBRGR
Ma oy MU= Z T LRSS, EIRBY CRE
3270121383 TL DR DI,
FERGREICEBRETE L, ENEHY Y —ViEd
L7125 e

EFRREEEZ V20 THhIUL, FREOME LA
EHOBUHOME 2 ZET UEPH L, OF
D, BAEMEAEET, WEORBEEIE L, E
B CEBETELRETHL I EHLEFE LV, ¥
WIZh, FRAIER LB B C UL R O S HEME IS
BI$ 23main L T v, 728 21E, EEANA
7 A% lE S B RN % UE T d o 72 dot-probe i
BT EEEAML, RN OFRE LI
N5 L9 127% 572 (McNally, 2019)s —/5C, IAT
DEHNZ, ZFOEIEEIZDOWTORE e hiig:
DIRENTWBFEENDH % (De Cuyper et al., 2017 ;
Schimmack, in press)o F 7z, MEDOBEMEITR S
E7 )V (mixed model) % FIFH L THAT I & D4k
EEANDGEEEE T D L TYETE LR
733 % (Rouder & Haaf, 2019), b itbitid, 1EiH
HEIZOWTOMEEZ EL L & b2, A TE

HEMTRED D ME OB E S 5 L 9 1CHEERE
AURL TS LENH L, sz iU, 52
/8T F A DB TRIRMEAAT 2 F25E § TSR
T HRBHINA T ADEE R b o T REZ
DWEFETRETH L. XD EOLEMI
RSN TEZZO b o, etz
ENTIhrole 2y M —ZBN AT L C
W24, WOTEOLERIIML T\,

F72, M TEMTE2HEL VW &L
OREEATZITREM E 2 b, HDH VI, KR
T LRELAER (MANDOA Y b7 —2
FEFTOM) ICHW 2w E ) r—2 BN 572
5o TITUEILRDZDE [H720) %D1) 5]
EETH B, Thbb, HEKT—7 5520
NZE > THLEDORVERZREL, Thhrb,
ZOEBELAG LE ) e EBRREEY EET
bo CONFEDBRIZZHEIR 5 DWW T — 512
LFLEMERNGE LAYy VT =7 ITTH 5.
BN E D &1, BEOREOENE
BT 2 EHICH L EFRELET LA L
HTE& %, ULOERDPLFER LD, ST
7 FEERGREB L VB E T — 5 & &4 RHE
LEMT— 5 ZHERL TBIREZE W) LT
Hbo BT T8 EERT L7012, ER/E
M3, RAEERCHESF IR E L T2 oRMEIC
By Mo BEDH 5 6

b ek, EFEEE VLD T
37 <, EHRREORM L2 2BEEZ RO 5 2
ETH Do HHEDT 7 /0 —OHERRICZL - T,
v T 7 Vi REHWTHEEFIZBIT S0
W, mEE, ERE Vo RERMEST S I L8
Ko Lhotze MAPLELNTZENS O RAEH
ET — Y R EWAEE Lo T L, Ko THl
) 2 EDTEEE e o T\ A (Yamamoto et al.,
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